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Fig.2 Voronoi diagrams of results of AVQ of particles by modified CRL. Points
and lines represent the weight vectors and Voronoi boundaries, respectively.
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Fig.3 Delaunay diagrams drawn from the Voronoi diagrams.

Points and lines

represent the weight vectors and Delaunay lines, respectively.
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Fig.4 Time evolution of the mean squared error.

—0.5 —0.5 o 0.5

(a) k = 88 (b) k =90

05 MAPOOOOODOOoO MAPOOODOOOOxO
pooooooMAPOOOOOOOOOOOOO
poobooooooooooobooooooo

Fig.5 Time evolution of MAP and mean value. A

circle and a cross represent MAP and mean
value, respectively. The MAP was fluctuated

in short times, and the mean value was esti-
mated between the multi-modal.
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Fig.7 Clustering of weight vectors: Thick solid lines

in (a)—(d) represent convex hulls of the clus-
tered weight vectors, and (e) represents time
evolution of the number of clusters.
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(a) preprocessing image

(e) preprocessing image

(b) particle filtering image

(f) particle filtering image

(g) Voronoi diagram (h) Delaunay diagram
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Fig.8 Example of applying the proposed method to tracking and detecting of

blue target in dynamic scene.
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Fig.9 Example of applying the proposed method. There are multiple blue target

in dynamic scene.
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